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1. The search space for control systems can be narrowed down by unsuper-
vised situational analysis (Chapter 2).

2. Transfer learning from simulation to real-world works better if the machine
learning method maps both input spaces onto a similar hyperspace (Chapter
2).

3. Artificial neural networks are capable of mapping scenes to positions with
limited generalization (Chapter 3).

4. Deep neural networks do not learn the three-dimensional geometrical prop-
erties of the scene as humans do (Chapter 4).

5. To improve the generalization of deep neural networks, we should change
the architecture to incorporate geometrical properties (Chapter 5).

6. Reinforcement learning is like an iceberg. You only see the tip, but the work
put into it is hidden from view (Chapter 4).

7. Application of reinforcement learning in complex real-life scenarios becomes
possible and reliable through transfer learning and multi-agent experience
sharing (Chapter 4).


